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Lea rning » Discover how Al tools can support research
discovery and technical writing in engineering

Goals contexts

- |dentify and compare tools for finding academ
papers, case studies, and technology trends

 Apply best practices for using Al responsibly
and effectively




OUtI | ne 1 . Two Types of Al Tools

General-purpose chatbots vs. Research-augmented tools

2. Use Cases

« SCOping a new topic
- Finding academic papers, case studies, design guidelines
« Summarizing & engaging with long technical materials

3. Limitations in Engineering Context &
Responsible Use of Al tools



General chatbots vs. Research tools

Trained on open web knowledge; Trained on academic +/- open web data;
Designed for answering general questions; Designed for research (in-depth search +
May provide fake sources. sunthesis); Provide real sources.

. ChatGPT, Claude, Gemini . Google Scholar Lab (new)

» MS Copilot . ChatGPT/Gemini Deep Research

- Perplexity, Grok, DeepSeek . Perplexity Pro Deep Research @

. Poe (most models) & . Grok (Expert]

. Poe (Deep research models) @

Knowledge cut-off ? (E:|ICI't Eot?boerM
Internet access P « LONSensus - Notion
. Undermind

. Ai2 Asta



https://scholar.google.com/scholar_labs/search
https://chatgpt.com/
https://aistudio.google.com/
https://www.perplexity.ai/
https://grok.com/
https://poe.com/
https://chatgpt.com/
https://claude.ai/
https://aistudio.google.com/
https://copilot.microsoft.com/
https://www.perplexity.ai/
https://grok.com/
https://chat.deepseek.com/
https://poe.com/
https://elicit.com/
https://consensus.app/
https://www.undermind.ai/
https://asta.allen.ai/chat
https://notebooklm.google/
https://www.notion.so/

Always ask: “Where did the result come from?”

“Pure LLM" “Retrieval-augmented” (RAG)
VS.

answers mainly searches web or external sources

from training data (then synthesize answer)

e.qg. e.qg.
- Models with a knowledge - Models that have Internet access;
cut-off date (most models « Research tools trained on academic sources;
on Poe) . NotebookLM, Notion Al that connect to your
. Models that do not have own materials (knowledge base)

Internet access



) Poe https://poe.com

« Hosts 200+ official bots + API

 Updated timely (with modified versions

« Call on multiple models to do one task

 Free tier: 3K credits/month; Pro: 1M credits/month

. Latest & most powerful models*:

- Gemini-3-Pro; Gemini-2.5-Pro (Google)

o GPT-5.1, ChatGPT-40-Latest, 03 (OpenAl)
Claude-Sonnet-4.5; Claude-Opus-4.1 (Anthropic)
Grok-4.1 (xAl)

Qwen3-Max: Qwen3-VL -235B (Alibaba)
DeepSeek-V3.1; DeepSeek-R1 (DeepSeekK)

@)

©)

@)

©)

*Based on LLM arena leaderboard: https:/lmarena.ai/leaderboard (as of 24 Nov 2025)

Explore

Q Search for bots, apps, or people

Search Video generation Apps Popular New Mind Learning
>
Script Image generation Audio generation Traditional Chinese Featured Al
Assistant

<

<

' U

*

General-purpose assistant. Write, code, ask for real-time information, create images, and more.
Queries are automatically routed based on the task and subscription status. For subscribers: - Genera...
OFFICIAL

Script-Bot-Creator

Specializes in building workflows that combine bots on Poe. Available at a reduced early-access price

for a limited time. Powered by Claude Code. Guide and tips: https:/fcreator.poe.com/docs/script-...
OFFICIAL

App-Creator
Specializes in building interactive web applications designed for publishing as apps on Poe. Available at
a reduced early-access price for a limited time. Powered by Claude Code. See what's new:...

OFFICIAL

Gemini-3-Pro

Gemini 3 Pro is a state-of-the-art model for math, coding, computer use, and long-horizon agent tasks,

delivering top benchmark results including 23.4% on MathArena Apex (up from 1.6%), SOTA on tau-...
OFFICIAL

GPT-5.1-Instant

OpenAl's most flagship model optimized for conversational intelligence, It excels at natural dialogue,

contextual memory, and adaptive tone, making it perfect for interactive agents, tutoring, and custome...
OFFICIAL

Claude-Sonnet-4.5

Claude Sonnet 4.5 represents a major leap forward in Al capability and alignment. It is the most
advanced model released by Anthropic to date, distinguished by dramatic improvements in reasoning,...
OFFICIAL

GPT-5.1

OpenAl's flagship general-purpose model, built for advanced reasoning, comprehension, and creativity.

It delivers robust performance across text and code, with significant improvements in factual accurac...
OFFICIAL

GPT-5.1-Codex

GPT-5.1-Codex extends GPT-5.1's capabilities for software development. It understands complex

codebases, provides accurate completions, explains algorithms, and assists with debugging across...
OFFICIAL

Grok-4

Grok 4 is xAl's latest and most intelligent language model. It features state-of-the-art capabilities in

coding, reasoning, and answering questions. It excels at handling complex and multi-step tasks....
OFFICIAL

Claude-Haiku-4.5

Claude Haiku 4.5 is Anthropic's fastest and most efficient model, delivering near-frontier intelligence at
a fraction of the cost and latency of larger Claude models. Matching Claude Sonnet 4's performance...

OFFICIAL

Claude-Opus-4.1

Claude Opus 4.1 from Anthropic, supports customizable thinking budget (up to 32k tokens) and 200k

context window. To instruct the bot to use more thinking effort, add --thinking_budget and a number...
OFFICIAL


https://poe.com/
https://lmarena.ai/leaderboard
https://poe.com/Gemini-3-Pro
https://poe.com/Gemini-2.5-Pro
https://poe.com/GPT-5.1
https://poe.com/ChatGPT-4o-Latest
https://poe.com/o3
https://poe.com/Claude-Sonnet-4.5
https://poe.com/Claude-Opus-4.1
https://poe.com/Grok-4.1-Fast-Reasoning
https://poe.com/Qwen3-Max
https://poe.com/Qwen3-VL-235B-A22B-T
https://poe.com/DeepSeek-V3.1
https://poe.com/DeepSeek-R1

Use Cases

« SCoping a new topic
- Finding academic papers, case studies, design guidelines
« Summarizing & engaging with long technical materials



Use Case 1- Scoping a new topic

From vague question — structured understanding of a topic

Scenario:

You are exploring building-integrated photovoltaic (BIPV) facade
systems for high-rise office buildings in Hong Kong. You need a
quick overview of current practices, performance expectations,
and key risks, before diving into detailed standards.

Possible tools/models: [Eﬁ] perplexity

e Perplexity (Deep Research) free quota/month)
Grok
e Grok-4 (Deep Search/Expert) g

e ChatGPT (Deep Research) @free quotarday @ ChatGPT

Source: Hong Kong_Science Park, recreated with Nano Banana.



http://ibse.hk/sbe/case_study/case/hk/sc_pk/fea_bipv.htm
https://www.perplexity.ai/
https://grok.com/
https://chatgpt.com/

Use Case 1- Scoping a new topic

From vague question — structured understanding of a topic

Prompt:
Provide an overview of building-integrated photovoltaic (BIPV) facade systems for high-rise
office buildings in subtropical, high-humidity coastal cities such as Hong Kong.

Focus on:
- Typical annual electrical output (kWh/m?year) for vertical facades facing different orientations
- Thermal and daylighting impacts on building performance
- Common failure modes and maintenance issues
- Any case studies or guidelines from Hong Kong, Mainland Ching, or nearby regions
(e.g. Singapore, Shenzhen, Guangzhou).

Provide sources to case studies, guidelines, and peer-reviewed papers.
Provide a summary of findings in table format in the end.



Use Case 1- Scoping a new topic

plexity Pro search (34 sources, shorter report, and fewer in-text citations)

°
O
M
=

°
U
M
q

plexity Pro (Gemini 3.0 Pro model) (53 sources)
plexity Deep Research (94 sources; comprehensive)

°
O
1)
=

e Grok (Grok 4.1 model) (65 sources, but very few in-text citations)
e Grok 4 Deep Search (Expert model) (82 sources, more in-text citations)

e ChatGPT Deep Research (18 sources, ask questions for clarification)
e ChatGPT Deep Research - 2" run (32 sources; ask different questions for clarification)

For reference (didnt demo in class):
e GPT-5.1 (on Poe) (fake references; no in-text citations)
e Gemini-3-Pro (on Poe) (fake references; no in-text citations)



https://www.perplexity.ai/search/provide-an-overview-of-buildin-xpCWilSMShKC5C3o4x3xzQ#0
https://www.perplexity.ai/search/provide-an-overview-of-buildin-J8cftVlYRimvFggxd.sg4A#0
https://www.perplexity.ai/search/provide-an-overview-of-buildin-tlgXKKRoTASCgQdEf_hUkw#0
https://grok.com/share/bGVnYWN5LWNvcHk_2df6f66b-5130-4faa-9398-c69aa41698af
https://grok.com/share/bGVnYWN5LWNvcHk_219268c4-d826-42fe-bcb2-a514231aecb3
https://chatgpt.com/share/69249535-8bbc-800d-898a-d264b1949841
https://chatgpt.com/share/69269858-08dc-800d-be37-541cc6a46dfd
https://poe.com/s/ahcj0VWMvjYLepkF1cL9
https://poe.com/s/3K97HWe4XeEYJOtNRT01

Use Case 2 - Finding academic papers,

case studies, design guidelines

In-depth search, read and synthesize

Scenario:

You are preparing a design note for a rooftop PV system on a
commercial building in Hong Kong, assessing how cool roof coatings,
high ambient temperatures impact PV module temperature and
energy yield. You are looking for relevant journal articles, recent case
studies, design guidelines, etc.

Possible tools/models:

e Perplexity (Deep Research) @ﬁ] perplexity € Elicit
e Flicit (Deep Research)

e Undermind / Ai2 Asta M Undermind <+ ASta

Source: HKUST Solar PV System, recreated with Nano Banana.



https://cmo.hkust.edu.hk/sites/default/files/2024-10/Solar_PV_System.pdf
https://www.perplexity.ai/
https://elicit.com/
https://www.undermind.ai/
https://asta.allen.ai/

Use Case 2 - Finding academic papers,
case studies, design guidelines

In-depth search, read, and organize

Prompt:

Find recent case studies, field measurements, simulation studies, or design guidelines on
rooftop PV systems installed over high-albedo ‘cool roofs’ in hot-humid or subtropical climates,
especially in Hong Kong, Southern Ching, or Southeast Asia.

(List results with source links in table format, categorized by doc types)



Use Case 2 - Finding academic papers,
case studies, design guidelines

Demo chats

e Perplexity Deep Search (74 sources; summary in table format, organized by doc type)

e Elicit - Deep Research (100 papers; literature matrix, can add custom columns)
e Undermind (189 papers; ask questions for clarification; exhaustive search)
e Ai2 Asta (normal: 69 papers; work harder: 274 papers; exhaustive search; reason for relevancy)

For reference (didn’t demo in class):
e Consensus Deep Research (50 papers; a comprehensive report)
e Google Scholar Lab (31 papers; brief summary of each article)



https://www.perplexity.ai/search/find-recent-case-studies-field-keMTpDSDTLOgl4qPiuVzDA?preview=1#0
https://elicit.com/find-papers/08cf4b3e-89ec-4013-af8b-b1c13d124382
https://app.undermind.ai/report/fba8ad4d147eff196a6268bfd10a1b108846684b4dbc69cec3c918213150d8dc
https://asta.allen.ai/share/e2ad4a22-5766-4ab8-afa9-44417526d5a0
https://consensus.app/search/find-recent-case-studies-field-measurements-simula/5oG_wPtjTU6fY1Q5wkSZ5w
https://scholar.google.com/scholar_labs/search/session/9365801776548753783?hl=en&inst=1381320739207392350

Primary Data
Source

Best For...

Weakness

Q Grok

/) perplexity

Open web (social media)
+ Academic

Find "Grey Literature":
government guidelines,
iIndustry reports, and news on
recent events.

Can hallucinate (fake citations,

wrong technical details);
Mix non-peer-reviewed
sources.

€ Elicit
SCISPACE

Semantic Scholar
(academic papers)

Literature matrix with custom
fields;

Data extraction (e.g. specific
design parameter)

Limited to academic papers;
Limited to abstracts + OA
content;

Miss industry standards or
local codes.

M Undermind

Semantic Scholar
(academic papers)

“Guided search” - initial
clarifications;
Exhaustive search

Slower (5~10mins);

Limited to academic papers;
Limited to abstracts + OA;
Can be overwhelming with
too many results.


https://www.semanticscholar.org/
https://www.semanticscholar.org/

Use Case 3 - Summarizing & engaging with
long technical materials

Summarize, organize readings, ask direct questions

Scenario:

You receive a set of technical documents (over 200 pages), including a
handbook on PV systems and relevant standards. Your task Is to review
the materials, extract key compliance requirements, and ensure your team
applies them during the design, installation, and operation of PV systems.

Possible tools/models: A\ NotebooklLM
e NotebooklLM [EE] perplexity

e Notion Al () Notion Al

Created with Nano Banana.
“A graphic in a similar cartoon illustration style, depicting a stack
of technical documents related to PV systems and standards”


https://notebooklm.google/
https://www.perplexity.ai/spaces
https://www.notion.so/

Use Case 3 - Summarizing & engaging with
long technical materials

Summarize, organize readings, ask direct questions

Possible questions:
« Summarize the key points in the XXX document, in bullets / using “Template”
« Ask direct questions, e.qg. specific parameters

E.g.
« Summarize the key points in the Handbook, following this structure: xxx
« What installation tolerances or conditions are required for PV modules to maintain
their certification under BS EN IEC 61215-1-47

- What fire safety classifications are mandated for BIPV systems”?



NotebookLM - Input sources

Free tier:

A NotebookLM e Up to 50 sources per
Add sources notebook.

Sources let NotebooklLM base its responses on the information that matters most to you.

(Examples: marketing plans, course reading, research notes, meeting transcripts, sales documents, etc.) ® EaC h SOU rCe U p tO

500,000 words or
200MB uploaded files.

1\.

e

PDF, txt, docx, audio, Upload sources

Drag & drop or choose file to upload

Youtube, etc.

G Google Workspace GO Link [:'l Paste text

& Google Drive B Website B YouTube E] Copied text

B Source limit



NotebookLM - e.g. ask direct questions against uploaded files

® PV Module Qualification: Thin-Film Testing Standard < share @ setings i (&
Sources O Chat ¢> Refresh 3= Studio D
+ Add sources "|"‘ . - / @ . /
What installation tolerances or conditions are required for PV modules to maintain their certification Audio Overview Video Overview
-1-4?
4~ Try Deep Research for an in-depth report and new sources! e S B i =3 (W
Mind Map Reports
The BS EN IEC 61215-1-4 standard, which specifies special requirements for the design qualification and type approval of
Q Search the web for new sources thin-film Cu(In,Ga)(S,Se)2 based photovoltaic (PV) modules 1 ..., outlines specific documentation and installation @ 2 2
. conditions, particularly concerning mechanical load resistance, that must be adhered to in order for the module Flashcards Quiz
@ Web v )( K Fast Research v 2 certification to remain valid.
iz (M|
. . . . e . . 4 4
Select all sources v The core installation-related requirements stipulated by the modifications in this standard concern the required static Infographic Slide Deck
mechanical load resistance (MQT 16) 4 .
Boi MBS DIEORk=b RO LAl -S i 1. Default Mechanical Load Requirements .
B BIPV Fire Safety: Mandates and Local Codes .
BS IEC 63092-2-2020.pdf V) The general minimum requirement for design load resistance, for modules without special notification on the nameplate, m ago ’
aligns with the higher conventional standards:
Building-Integrated-Photovoltaics-Technical-Guide... - Minimum Required Design Load: 1,600 Pa @. B ﬁ:(ifopv Module Mechanical Load and...
« Minimum Required Test Load: 2,400 Pa 4 5.
( '
2. Reduced Mechanical Load Requirements ar 11.9 Hot-spot endurance test (MQT 09)
TkeElandandpermis nodaes desgnedionion) oo iEasinrvsniastichEwiRiie Demo notebook not shared
limitations on their installation environment. The ; T
following modifications:
To maintain certification, modules classified for Test Section in IEC 61215-2 itions due tO COpyrIght concerns.
and installation restrictions:
Ed.2
A. Mechanical Load Requirements
Title Test conditions
« The documentation must specify that the test any load
in between) 7 . MQT 16 4.16 Static mechanical load test
Start typing... Three cycles of uniform load specified by the sources >
manufacturer, applied for 1 h to front and back surfaces
What is What does BIPV w| inturn. Minimum test load: 2 400 Pa
MQT 09? stand for? cc

BS EN IEC 61215-1-4-2021+A1-2022.pdf

NotebooklLM L




Notion Al - e.g. custom columns on readings, ask questions within specific content

Reading

AR To Read

I Publishe...

11/21/2025

11/16/2025

oo Aaron's Posts

Aa Title

Scholar Labs Early
Review: Google Scholar
Finally Enters the Al

Era

A 2025 Deep Dive of
Consensus: Promises
and Pitfalls in Al-
Powered Academic
Search

oo Ethan's Posts

AR ALL = It ¢ Q

= Key Findings Al

= Google Scholar has launched "Scholar Labs,” an Al-powered academic search tool, aiming to enhance
academic research capabilities.
= Scholar Labs focuses on "Deep Search” rather than "Deep Research,” providing relevant paper rankings - Al2 PaperFinder

without generating direct answers. - Undermind.ai

= The tool analyzes user queries to identify key topics and searches Google Scholar for relevant papers, - Consensus
offering explanations for each paper's relevance. - Microsoft 365
= Initial tests indicate Scholar Labs can find up to 50 relevant results, but it has a hard limit of 300 evaluated top - HubSpot

results. - Microsoft Teams
+ Queries can be entered in natural language, but the tool has restrictions that may limit more complex search
commands.

= The size of Google Scholar's index may give Scholar Labs an advantage in finding obscure papers, particularly
in non-5TEM disciplines.

= Current limitations include a lack of complex search logic, limited filtering options, and difficulties in
executing systematic reviews due to inherent Google Scholar constraints.

= Evidence synthesis practitioners may find Scholar Labs useful but not sufficient as a standalone tool for
comprehensive searches.

* The launch of Scholar Labs could challenge discovery vendors, while content owners remain cautious about
allowing full-text access.

* Future improvements could include options for deeper evaluations, saving search sessions, and more

transparency in the search process.

» Consensus is an Al-powered academic search tool that assesses the "consensus” of research on topics. - Consensus
= It draws primarily from open sources like OpenAlex and Semantic Scholar, indexing approximately 200 million - Elicit
papers, including preprints. - Perplexity

- Undermind.ai

- Microsoft 365

- HubSpot

- Microsoft Teams

= The tool operates with a clean interface, allowing users to input natural-language guestions and receive Al-
generated answers with citations.

= Consensus employs a hybrid search and multi-stage ranking system, considering research quality signals
such as citation counts and journal reputation.

= The “Consensus Meter” summarizes literature responses as “yes,” “no,” "mixed,” or "possibly,” but is criticized
for its vote-counting methodology.

» It offers three search modes: Quick, Pro, and Deep, which vary in the number of papers summarized.

* Pre-filtering options for publication year, study design, and more enhance user experience.

= LibKey integration allows users to check institutional access to full-text articles, improving accessibility.

+ Deep Search mode provides a detailed report with visualizations, but reproducibility and transparency

COUNT 88

= Tools Al

- Google Scholar

- Gemini Deep Research

Tuesday, Nov 25 * Motion Al

summarize the readings related to Undermind

. Searched data sources
§  Thought

Here's a synthesis of how Undermind is portrayed across your
readings.

1. What Undermind is for

s Undermind is framed as an Al "agent-style” academic search
tool optimized for high recall, not just top-N relevance.

It runs multiple iterative searches, uses GPT-4 to classify
papers into relevance tiers ("highly relevant / closely relevant /
not relevant”), and estimates whether the search is
exhaustive, sometimes suggesting extensions when it thinks
more is needed.

It is positioned as a deep research / deep search tool:
something you use when you can wait for a more thorough
sweep, rather than a fast, surface-level query.

2. Role among other Al academic search tools
Across compansons and tool round-ups, Undermind shows up as:
* A high-recall deep search option contrasted with:

o Elicit / SciSpace / Consensus / Scite as more “semantic
search + RAG" engines.

Google Scholar as high-coverage but not optimized for
systematic deep search.

Scopus Al / Web of Science RA / Primo RA as more
library-integrated, RAG-style assistants.

» Guidance pieces suggest u5°1dermind when you care

@ W Reading

Ask, search, or make anything..

&2 P All sources Edits




Limitations in Engineering Context
& Responsible Use of Al tools




Limitation #1.

Limited understanding of current research & local context

=> Qutdated knowledge:

General Al models have training cut-offs.

They may reference a standard that was valid in
2021 but was revoked or updated in 2023. This is

no longer a knowledge gap but a liability issue.

=> Lack of site-specific/proprietary data:
General Al models do not know your “institutional
knowledge”. They cannot troubleshoot a custom-
built system as the data was never public.

Suggestion:

X DO NOT use GenAl as your single
source for searching or fact-checking.

/ Use them as a companion.

/ Compare & verify outputs against
the right sources.

/ Use RAG tools/platforms that can
read your internal files.



Limitation #2.

Risk of generating incorrect or biased content

=> Hallucination: General Al models can confidently
tell you that “Alloy X has a yield strength of 1000

MPa” or cite “ISO9001:2026" before it exists. It's no
longer a fake citation issue but brings safety risk.

=> Algorithmic bias: Al can amplify biases present
In 1ts training data, e.g. favors popular answer not
necessarily the optimal engineering solution.

=> Calculation failure: LLMs are language
predictors, not calculators. At this moment, they
are still bad at math.

Suggestion:

/ Source tracking: Never accept a
specific value without finding the
manufacturer’'s datasheet yourself.

 Instead of asking Al to do math,
ask it to write Python script or Excel
formula. Code generation is usually
more reliable than direct calculation.



Limitation #3.

Lack of creativity, originality and depth

=> “Average design” trap:

General Al models are trained on existing data,
and tend to provide the most standard, textbook
solution. It cannot “think out-of-the-box” and
struggles to solve novel constraints.

=> No originality & IP nightmare:

Since Al synthesizes what it “finds”, it may
reproduce patented mechanisms or copyrighted
code/standard without attribution.

Suggestion:

X DO NOT prompt Al “Suggest a new
mechanism / workflow for X.”

/ Write your own design proposal or
hypothesis first, then ask the Al to
critique It.

e.g. "Act as a senior structural engineer. Review my

design logic below and list 5 potential failure
modes | might have missed."



Limitation #4.

Lack of transparency and reproducibility

=> “Black box” mechanism:

Engineering (especially in civil, aerospace, and SUQQEStiOﬂZ

biomedical fields), requires an unbroken chain of

custody for decisions. We do not know how Al do » DO NOT use Al-generated

Its “reasoning’, its decisions are inadmissible in justifications in regulatory documents.

safety-critical environments.
/ When searching requirements,

=> Non-deterministic output: - | force Al to ground its answer in
Engineering relies on determinism. Running the research or specific engineering codes.
same query multiple times can return different 20, "SmS e e sy reaamens
results. In an engineering workflow, this citing specifically from NEC."

Inconsistency is dangerous.



Data Privacy & Security

X Do Not upload proprietary data, Consider:

unreleased site data, or confidential client e Local RAG systems
reports to public Al models (e.g. ChatGPT,
Gemini, Perplexity, or Poe) unless you are
In certain Enterprise plans.

e NotebookLM - claim that they do not use
personal data, including source uploads,
queries, and model responses, to train Al

By default, your chats, uploaded docs are treated as models. (About NotebookLM}

“user content” and can be sent to service providers to e Notion & Notion Al - claim that they “do
train their models unless you turn this off. not use Customer Data to train any

To turn this off models” (including free-tier). “For all non-
e ChatGPT: Data controls. Enterprise plan workspaces, LLM providers
e Gemini: Gemini Apps activity. (e.g. OpenAl) only retain Customer Data
e Perplexity: Preferences > Al data retention. for 30 days or fewer before deletion.”

(Privacy policy: OpenAl; Gemini; Perplexity; Poe) (Notion Al privacy practices)



https://openai.com/policies/privacy-policy/
https://myactivity.google.com/product/gemini?utm_source=help
https://www.perplexity.ai/help-center/en/articles/11564572-data-collection-at-perplexity
https://poe.com/pages/privacy
https://support.google.com/notebooklm/answer/16164461?hl=en&co=GENIE.Platform%3DDesktop#:~:text=As%20a%20Google%20Workspace%20or,used%20to%20train%20AI%20models.
https://www.notion.com/help/notion-ai-security-practices

K e . Pick the right tool for the right task
g o €.F. current practices - models that can search; find

Ta keawa gs research papers - research tools

. Always trace and verify

- In engineering, hallucination is a safety risk. Always
trace Al claims back to the original standard or
guideline.

. Use Al to scope topics and synthesize data, but
reserve the final engineering judgment for yourself.



